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Abstract

This supplementary document provides some experimental results together with the ground truth images, which could not be
fit in the main paper due to the page limit.

I. ROOT MEAN SQUARE ERROR COMPARISON

Table I shows Root Mean Square (RMS) errors comparison between our method and two other methods by Tai et al. [1]
and Xu et al. [2]. We also give RMS errors for the input blur image. The images are from Middlebury Stereo Datasets
(http://vision.middlebury.edu/stereo/data) with names as: “art”, “books”, “bowling”, “cones”, “dolls”, and “moebius”.

TABLE I
ROOT MEAN SQUARE ERROR COMPARISONS

Image name art books bowling cones dolls moebius
Blur Image 12.9739 17.5476 6.3319 13.5744 26.3987 13.3389

Tai et al. [1] 10.6151 11.8295 6.6458 10.8507 17.326 10.2615

Xu et al. [2] 13.9887 26.3593 8.3426 10.1263 30.246 16.383

Our Approach 6.0058 5.3406 2.5775 6.745 5.3989 3.9616

II. RESULTS COMPARISON

Fig. 1 and Fig. 2 give the experiment results for different images. In both images, blur images are given in the first row, fol-
lowed by the results by Tai et al. [1], Xu et al. [2] and our method in the second, third and fourth rows. The ground truth clear im-
ages are given in the last row. The images used are all from Middlebury Stereo Datasets (http://vision.middlebury.edu/stereo/data).
Images used from left to right in Fig. 1 are “art”, “books” and “bowling”, and in Fig. 2 are “cones”, “dolls”, and “moebius”.

Fig. 3 gives the refined images by our depth filling method for these six scenes and the close-ups comparisons. The rectangles
in depth images shows the positions for the close-ups.

III. RESULTS FOR SPATIAL-INVARIANT METHODS

Fig. 4 gives the results for three spatial-invariant methods: Shan et al. [3], Xu and Jia [4], and RL deconvolution [5] on the
scene “art”. The nine kernels are given on the left, which are estimated on nine different positions on the image.
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Fig. 1. Results comparisons for Tai et al. [1] (the second row), Xu et al. [2] (the third row) and our method (the fourth row). The blur images are given in
the first row while the ground truth images are given in the last row. Images used from left to right are “art”, “books” and “bowling”.
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Fig. 2. Results comparisons for Tai et al. [1] (the second row), Xu et al. [2] (the third row) and our method (the fourth row). The blur images are given in
the first row while the ground truth images are given in the last row. Images used from left to right are “cones”, “dolls”, and “moebius”.
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Fig. 3. Results for the refined depth images and close-ups for the six scenes: “art”, “books”, “bowling”, “cones”, “dolls”, and “moebius” from top-left to
bottom-right. In the close-ups, there are results for blur images (the first row), Tai et al. [1] (the second row), Xu et al. [2] (the third row), our method (the
fourth row), and the clear images (the last row).
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Fig. 4. Results for three spatial-invariant deblurring methods: Shan et al. [3] (the first column), Xu and Jia [4] (the second column), and RL deconvolution [5]
(the third column). The scene used is “art” with nine kernels estimated on nine different positions on the image. The magnified kernels are shown on the left.
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