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Some Experimental Results in our paper:
1. Segmentation of example images with weak edges
(a) 81,p(9) is used.

Results by our RD method [1].
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Results by GDRLSE1 [10], GDRLSE2 [10] and GDRLSE3 [6],respectively. For GDRLSE1 and GDRLSE2, time step

is set as At=5 as in the original paper.
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(b) 82,p(¢) is used.
Results by our RD method [1].
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Results by GDRLSE: [10], GDRLSE2 [10] and GDRLSE3 [6], respectively.
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2. Segmentation results on three images in the Corel dataset (downloaded from [46]). Top row: initial
contours (red lines) and final contours (blue lines). Bottom row: final LSFs. Parameter settings: Left-most

column and right-most column: Ati=o0.1, At2=0.001, v=0.5; Middle column: Ati=o0.1, At2=0.001, v=0.1.
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3. Segmentation results on four real images (top two: downloaded from [46]; bottom two: downloaded
from [47]). Top row: initial contours (red lines) and final contours (blue lines). Bottom row: final LSFs. We

set the parameters At1 =o0.1, At2 =0.01, p=0.2X2552, =0, A1=A2=1 for all images except for the squirrel

image, for which we set p=0.1 x2552.

200,

=200 Lo
400

500



4. Quantitative comparisons among RD and GDRLSE methods for edge-based models. Top row, from left
to right: clean image (image 1), noisy image (image 2) (Gaussian noise with zero mean and standard

deviation 0=0.001), and noisy image (image 3) (Gaussian noise with zero mean and standard deviation

0=0.005). Bottom row, from left to right: the JS values using the edge-based variational model with &2,p
and &1,p in Section 5.3, and GAC model in Section 5.4, respectively. For edge-based variational models, we
set Ati1=0.1, At2=0.001, a=0.2, A=1, v=0.05 for all the three images. For the GAC model, we set Ati=o.1,

At2=0.001, a=0.2, A=1 for all the three images, and we set v=0.05, v=0.2, v=0.5 for the images from left to
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5. Quantitative comparisons among RD, re-initialization, and GDRLSE methods for the CV model [18]. Left
three images: clean image, images with Gaussian noise of zero mean and standard deviation o=o.01,

0=0.05, respectively. Right image: the JS values by competing methods. We set At1 =o0.1, At2 =o0.01,

§=0.1.X2552, =0, A1=A2=1 for all three images.
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More Experimental Results :

1. Apply to GAC model [7].
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Segmentation results Final LSF



2. Apply to CV model [8].
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(a) Results represented by boundaries

(b) Results represented by regions

(c¢) Final LSF
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3. Apply to LBF model for images with intensity inhomogeneity [9].

11



(a) Final Results (b) Final LSF
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